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Confusion between lognormals and pure
power laws

Near agreement
over four orders
of magnitude!

0 2 4 6 8 10
Ioglox

For lognormal (blue), x = 0 and o = 10.
For power law (red), v = 1 and ¢ = 0.03.
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Problem of data censusing (missing small firms).
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One piece in Gibrat's model seems okay empirically:
Growth rate r appears to be independent of firm

ize. [1]
size.l'.
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The set up: N entities with size x,(t) References
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z;(t+1) =rz,;(t)
where r is drawn from some happy distribution
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