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Contagion

A confusion of contagions:

 Did Harry Potter spread like a virus?
 Can disinformation be “infectious”?
 Suicide, Violence, Stupidity?
 Morality? Evil? Laziness? Stupidity? Happiness?
 Religion?
 Democracy …?
 Language? The alphabet? [1]

 Stories?
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For novel diseases:

1. Can we predict the size of an epidemic?
2. How important is the reproduction number 𝑅0?

𝑅0 approximately same for all of the following:

 1918-19 “Spanish Flu” ∼ 75,000,000 world-wide,
500,000 deaths in US.

 1957-58 “Asian Flu” ∼ 2,000,000 world-wide,
70,000 deaths in US.

 1968-69 “Hong Kong Flu” ∼ 1,000,000 world-wide,
34,000 deaths in US.

 2003 “SARS Epidemic” ∼ 800 deaths world-wide.
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Resurgence—example of SARS

D

Date of onset
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 Epidemic slows...

then an infective moves to a new context.

 Epidemic discovers new ‘pools’ of susceptibles:
Resurgence.

 Importance of rare, stochastic events.
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Mistake 2:
Seeing success is ‘due to social’ and
wanting to say ‘all your interactions are
belong to us’
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The hypodermic model of influence:
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The two step model of influence: [2]
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The network model of influence:
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The network model of influence:

How superspreading works:
Many interconnected, average,
trusting people
must benefit from both
receiving and sharing a message
far from its source.

441

! 2007 by JOURNAL OF CONSUMER RESEARCH, Inc. ● Vol. 34 ● December 2007
All rights reserved. 0093-5301/2007/3404-0002$10.00

Influentials, Networks, and Public Opinion
Formation
DUNCAN J. WATTS
PETER SHERIDAN DODDS*

A central idea in marketing and diffusion research is that influentials—a minority
of individuals who influence an exceptional number of their peers—are important
to the formation of public opinion. Here we examine this idea, which we call the
“influentials hypothesis,” using a series of computer simulations of interpersonal
influence processes. Under most conditions that we consider, we find that large
cascades of influence are driven not by influentials but by a critical mass of easily
influenced individuals. Although our results do not exclude the possibility that in-
fluentials can be important, they suggest that the influentials hypothesis requires
more careful specification and testing than it has received.

FIGURE 1

SCHEMATIC OF THE TWO-STEP FLOW MODEL
OF INFLUENCE

In the 1940s and 1950s, Paul Lazarsfeld, Elihu Katz, andcolleagues (Katz and Lazarsfeld 1955; Lazarsfeld, Ber-
elson, and Gaudet 1968) formulated a breakthrough theory
of public opinion formation that sought to reconcile the role
of media influence with the growing realization that, in a
variety of decision-making scenarios, ranging from political
to personal, individuals may be influenced more by exposure
to each other than to the media. According to their theory,
illustrated schematically in figure 1, a small minority of
“opinion leaders” (stars) act as intermediaries between the
mass media and the majority of society (circles). Because
information, and thereby influence “flows” from the media
through opinion leaders to their respective followers, Katz
and Lazarsfeld (1955) called their model the “two-step flow”
of communication, in contrast with the then paradigmatic
one-step, or “hypodermic,” model that treated individuals
as atomized objects of media influence (Bineham 1988).
In the decades after the introduction of the two-step flow,

the idea of opinion leaders, or “influentials” as they are also
called (Merton 1968), came to occupy a central place in the
literatures of the diffusion of innovations (Coleman, Katz,
and Menzel 1966; Rogers 1995; Valente 1995), communi-
cations research (Weimann 1994), and marketing (Chan and

*Duncan J. Watts is professor of sociology, Columbia University, New
York, NY 10025 (djw24@columbia.edu). Peter Sheridan Dodds is assistant
professor of mathematics and statistics, University of Vermont, Burlington
VT 05404 (peter.dodds@uvm.edu). The authors acknowledge the helpful
input of the editor, associate editor, and reviewers. This research was sup-
ported in part by the National Science Foundation (SES-0094162 and SES-
0339023), and the McDonnell Foundation.

John Deighton served as editor and Tulin Erdem served as associate editor
for this article.
Electronically published May 30, 2007

Misra 1990; Coulter, Feick, and Price 2002; Myers and Rob-
ertson 1972; Van den Bulte and Joshi 2007; Vernette 2004).
By the late 1960s, the theory had been hailed as one of
most important formulations in the behavioral sciences
(Arndt 1967), and by the late 1970s, according to Gitlin
(1978), the two-step flow had become the “dominant par-
adigm” of media sociology. According to Weimann (1994),

“Influentials, Networks, and Public Opinion
Formation”
Watts and Dodds,
J. Consum. Res., 34, 441–458, 2007. [3]

https://pdodds.w3.uvm.edu//research/papers/others/everything/watts2007a.pdf
https://pdodds.w3.uvm.edu//research/papers/others/everything/watts2007a.pdf
https://pdodds.w3.uvm.edu//research/papers/others/everything/watts2007a.pdf
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A special thing has happened:
 The PDS framework emerged only from analyzing

a lexicon (types).

 Applying PDS framework to disparate corpora
(tokens) reveals a linguistic ‘safety bias’.
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800 characters, 200+ semantic differentials:
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A few fictional characters most like Pratchett the
Cat:

1. Elizabeth Swann (Pirates of the Caribbean): 83%

2. Daenerys Targaryen (Game of Thrones): 82%

3. Margaery Tyrell (Game of Thrones): 82%

4. Francisco d’Anconia (Atlas Shrugged): 82%

5. Dr. Hannibal Lecter (Hannibal): 82%

6. Audrey Horne (Twin Peaks): 81%

7. Princess Anna Karenina (Anna Karenina): 81%

8. Danny Ocean (Ocean’s 11): 81%

9. Ragnar Lothbrok (Vikings): 81%

10. Olenna Tyrell (Game of Thrones): 80%
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Some fictional characters most like the
Deliverator:

1. Ava (Ex Machina): 89%

2. Dolores Abernathy (Westworld): 87%

3. Dom Cobb (Inception): 86%

4. Maeve Millay (Westworld): 84%

5. Patrick Jane (The Mentalist): 84%

6. Wyldstyle (The Lego Movie): 84%

7. Daisy ‘Skye’ Johnson (Agents of S.H.I.E.L.D.): 84%

8. Black Widow (Marvel Cinematic Universe): 83%

9. Elizabeth Swann (Pirates of the Caribbean): 83%

10. Jason Bourne (The Bourne Identity): 83%

11. Mystique (X-Men): 83%

12. Juliana Crain (The Man in the High Castle): 83%

13. Arya Stark (Game of Thrones): 82%

14. Gamora (Marvel Cinematic Universe): 82%

15. Sherlock Holmes (Elementary): 82%

https://brickipedia.fandom.com/wiki/Wyldstyle
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Some fictional characters most like the
Deliverator:

1. Ava (Ex Machina): 89%

2. Dolores Abernathy (Westworld): 87%

3. Dom Cobb (Inception): 86%

4. Maeve Millay (Westworld): 84%

5. Patrick Jane (The Mentalist): 84%

6. Wyldstyle (The Lego Movie): 84%

7. Daisy ‘Skye’ Johnson (Agents of S.H.I.E.L.D.): 84%

8. Black Widow (Marvel Cinematic Universe): 83%

9. Elizabeth Swann (Pirates of the Caribbean): 83%

10. Jason Bourne (The Bourne Identity): 83%

11. Mystique (X-Men): 83%

12. Juliana Crain (The Man in the High Castle): 83%

13. Arya Stark (Game of Thrones): 82%

14. Gamora (Marvel Cinematic Universe): 82%

15. Sherlock Holmes (Elementary): 82%

https://brickipedia.fandom.com/wiki/Wyldstyle
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Stories matter:

https://compstorylab.org/2016/11/07/emotional-arcs/
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How we got here: It’s going to be tropes all the way
down1

1Three weeks earlier … [?]


var ocgs=host.getOCGs(host.pageNum);for(var i=0;i<ocgs.length;i++){if(ocgs[i].name=='MediaPlayButton1'){ocgs[i].state=false;}}


https://tvtropes.org/pmwiki/pmwiki.php/Recap/RickAndMortyS2E9LookWhosPurging
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About 100 days earlier in the
PoCSverse …

https://tvtropes.org/pmwiki/pmwiki.php/Main/HowWeGotHere
https://tvtropes.org/pmwiki/pmwiki.php/Main/HowWeGotHere
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The complex dynamics of course reviews:


var ocgs=host.getOCGs(host.pageNum);for(var i=0;i<ocgs.length;i++){if(ocgs[i].name=='MediaPlayButton2'){ocgs[i].state=false;}}
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