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Word frequency:

rank  word % q rank word % q
1. the 6.8872 1945. apply  0.0055

s of 3.5839 1946. vital ~ 0.0055

3. and  2.8401 1947.  September  0.0055

4. to 2.5744 1948. review  0.0055

S. a 2299 1949. wage  0.0055

6. in 2.1010 1950. motor  0.0055

Vs that  1.0428 1951. fifteen  0.0055

8. is  0.9943 1952. regarded  0.0055

9. was  0.9661 1953. draw  0.0055
10. he 0.9392 1954. wheel  0.0055
11. for 0.9340 1955.  organized  0.0055
12 it  0.8623 1956. vision  0.0055
13. with 0.7176 1957. wild  0.0055
14. as 0.7137 1958. Palmer  0.0055
15. his  0.6886 1959. intensity ~ 0.0055
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A word frequency distribution explorer: Seir i
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< 4 Superspreading

t h Lexical Ultrafame
e and a thatitiswasi (0ronyouhelewitnz by ers: s one:etoms-ss-m: s st e e Turbulent times
1 2 3 456

Extras
GURRENT WORD. Sociotechnical time serics
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FIND WORD. »  BYRANK D  REQUESTED WORD:THE 86800 WORDS IN ARCHIVE e
RANK 1 eferences
WORDCOUNT
{ PREVIOUS WORD NEXT WORD

sss,cfs)gitsbergen% turbopropm

060 55061

GURRENT WORD

FIND WORD, P BYRANK P REQUESTED WORD: SPITSBERGEN 86800 WORDS IN ARCHIVE

RANK: 55059
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THI
EXPLAINER

RANDALL MUNROE

“Thing Explainer: Complicated Stuff in Simple Words

By Randall Munroe (2015). "%/

BOAT THAT GOES UNDER THE SEA

We've always hiac boats that go undar the At first, wa used those boats to shoot at  Later, we fo
Sea,but i the lastfow hunched years, we've  othar boats, make holes in them, or stick  keopin
" sate an

WORLD-ENDING BOAT ——— MIRROR LOOKERS

SPECIAL SEA WORDS HEAVY METAL POWER MACHINE
SLEEPING ROOMS

OTHER BOATS THAT GO UNDER THE SEA
b oubia
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The everywhereness of algorithms and stories:

& STORYTELING
£

ANIMAL
a

PUCHNER

“On the Origin of Stories: Evolution, Cognition, and

by Brian Boyd (2010). !

“The Storytelling Animal: How Stories Make Us

by Martin Puchner (2017). %]
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Algorithms, recipes, stories,

THE
CODE
ECONOMY

PHIL1P E.
AUERSWALD

Algorithms
to Live By

“The Code Economy: A Forty-Thousand Year

by Philip E Ehneld (2017). 1

“Algorithms to Live By” a

by Christian and Griffiths (2016). |/

“Once Upon an Algorithm” a

by Martin Erwig (2017). ")

Also: Numerical Recipes in C [15] and How to Bake 7 °/
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The famous are storytellers—Japan:

RaNkNGs peonLE PANTHEON MEHODS AP AsoUT

Ifyouusethe please cte: Y, A Z, et (2016). Pantheon 10, verfied dataset o i Data 2150075 dois 10.1038/sd3ta 201575
Who are the globally known people born within present day Japan*? Sfy &
[1900 - 2010]
VISUALIZATIONS RANKINGS
o . el e Physicist Chemist
TReEMAPS Film Musician Politician bl Lt
oy Director FouTGAN8 1901272
by cultural domain 2.Hayao Miyazaki
O a Cutural Domain - aAkiito
by country 5.26% Si [ ——
e rchitect >'N&Er 4Akinurosma
MATRICES . AUMOIECTOR 171012620
SCATTERPLOTS Game 2 5.Yukio Mishima
MAPS Designer WRITER 51925 2603)
) 21% C
R 15.79 D
PARAMETERS SOCCGI’ P] ayer acecar  Player Diplomat  Nobleman - s
S ———— Driver Engineer  Physician 7.Osamu Tezuka

COMICARTIST 1928(25.40)

—— riter s
a Wrestler 5.Tadao Ando

Al ARCHITECT,b 19412493
FROM 0 e e e e e ) ) e e S S S e 10,
-4000 2000 900 700 -500 -300 -100 100 300 500 700 900 1100 1300 1500 1700 1850 1910 1930 1950 1970 1990 2010  WRTERb15@473)
DATA Goto Full Ranking List

For people born 1950-

http://pantheon.media,mit.edu/treemap/country_exports/JP/all/1900/2010/H15/pantheon ('


http://pantheon.media.mit.edu/treemap/country_exports/JP/all/1900/2010/H15/pantheon

1450 - 1880

1880 - 1950
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Study of Agta, Filipino hunter-gatherers.

Storytelling valued well above all other skills including
hunting.

Stories encode prosocial norms such as cooperation. . .

Like the best stories, the best storytellers reproduce more e
successfully.
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5 The PoCSverse
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East European Revolution of 1989”
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We understand bushfire stories:

1. Sparks start fires.

2. System properties control a fire’s spread.

3. But for three reasons, we make two mistakes about Social
Fires.:i
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Reason 1—We are Homo Narrativus.

A WEIGHTED RANDOM NUMBER
GENERATOR JUST PRODVCED
A NEW BATCH OF NUMBERS.

LETS USE THEM TO
BUILD NARRATIVES!

DY

ALL SFORTS COMMENTARY

http://xked.com/904/ @
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Reason 2—“We are all individuals.” (4"

Archival footage:

&= Individual narratives are not enough to understand
distributed, networked minds.
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var ocgs=host.getOCGs(host.pageNum);for(var i=0;i<ocgs.length;i++){if(ocgs[i].name=='MediaPlayButton0'){ocgs[i].state=false;}}



https://pdodds.w3.uvm.edu/teaching/courses/2024-2025pocsverse
https://www.youtube.com/watch?v=LQqq3e03EBQ

The PoCSverse:
Computational
History

210f 91

Reason 3—We are spectacular imitators. CoE
atistics of Surprise
Stories
Methaniisokanty
Superspreading
Lexical Ultrafame

Turbulent times

Extras
Sociotechnical time serics

Memory & Turbulence

P References

BBC/David Attenborough.




var ocgs=host.getOCGs(host.pageNum);for(var i=0;i<ocgs.length;i++){if(ocgs[i].name=='MediaPlayButton1'){ocgs[i].state=false;}}


https://pdodds.w3.uvm.edu/teaching/courses/2024-2025pocsverse

The PoCSverse

M iS take 1 £ Computational

History
22 0f 91

Success is due to intrinsic properties

Statistics of Surprise
Stories
Mechan) oy ianly
Superspreading
Lexical Ultrafame

Turbulent times

Extras
Sociotechnical time scrics

Memory & Turbulence

References

See “Becoming Mona Lisa” by David Sassoon @


https://pdodds.w3.uvm.edu/teaching/courses/2024-2025pocsverse
http://www.amazon.com/Becoming-Mona-Lisa-Donald-Sassoon/dp/0156027119

The PoCSverse

o C tational
Susic (A s iy
[ o 23 0f 91
o 48 Songs Statistics of Surprise
30k participants Stories

Mechanics of Fame

Superspreading

Lexical Ultrafame

Exp 1— weak social Exp. 2—strong social

o oz ° o e °

P ] g %

Turbulent times

Extras

References

o=

Salganik, Dodds, and Watts,
Science, 311, 854-856,2006. |°)



https://pdodds.w3.uvm.edu/teaching/courses/2024-2025pocsverse
https://pdodds.w3.uvm.edu//research/papers/others/everything/salganik2006a.pdf
https://pdodds.w3.uvm.edu//research/papers/others/everything/salganik2006a.pdf
https://pdodds.w3.uvm.edu//research/papers/others/everything/salganik2006a.pdf

Resolving the paradox:

D

1 Exp. 2
-4} a
2 2
@ 12 o Uo z
3 ¢
£ Bz
E =3° 3
24 2
E L 541 °=g #50
= °3 5 noo BT
[} 36 o ?ﬁn,"%‘gfs
m a®? &b-oq:%‘g
Ok
B3> T ©

4
o

8% %
:

@

o
© oo, OB

soo @
A
8 Baog B &

@ g

o
‘Fao
R
o o
°

§ o0 o%eow
a

@
(]

-
To 8
aa *
va0 g0

oy

e6e %a Da

o

a fg

g0

L]
@mooo B

s TooRd.
o o
g

L

a

I
o

Increased social awareness leads to Stronger

36

24

12

Rank: m

indep

inequality + Less predictability.

The PoCSverse
Computational
History
24 0f91

Statistics of Surprise
Stories
Mechan) oy ianly
SHPL’I'\P[C,\{“H(‘\'
Lexical Ultrafame

Turbulent times

Extras

References



https://pdodds.w3.uvm.edu/teaching/courses/2024-2025pocsverse

The PoCSverse

Payola/Deceptive advertising hurts us all: Computaiona
History
250f 91
Statistics of Surprise
Exp. 3 Exp. 4 o
| _— Unchaﬁged wérld | | Mechanies of Fame
L 1 Songl |
] = = =Inverted worlds 9 SUPCDpjciing
Lexical Ultrafame
400t T Turbulent times
% Extras
S 300/ t 5
% - Song 48
% ) -“:’.:_ .=~ Song 48 References
O 200 et t?
,* Song 1
L d
Song . R Song 1
100t '_’.' ".,n’
”' 4
o Song 48 ‘—!-Fi'::f.’—T ‘ Song 48 P "
0 400 752 1200 1600 2000 2400 2800 1| 2e
Subiects :


https://pdodds.w3.uvm.edu/teaching/courses/2024-2025pocsverse

“Mistake” 2:

Seeing success is ‘due to social’ and wanting to say ‘all
your interactions are belong to us’
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“This is truly the last time, believe me”

The Washington Post

14 years of Mark Zuckerberg saying sorry, not sorry
Do you teust MarkZackebers?

‘we el thisabbreiaed isory o is pbiic mea ulpr,

Tt reads ke  econd onrepeat Zkerbers, who made “movefst and.
brethings” is o, say sory fo being e, and thn promies
outons such s privay “contol,” “ransparency” e beter polcy

eforcement” And thn hepromiss it aain the nest tme, You cantrock

007
Ao ing Boscon wnotadin oo osarngin
versers hat oy vor dongin s weostos

Bl We simply did a bad job with this release.
Jand Tapologize forit. I People need to b
able to explicitly choose what they share. |

February 2009
Aferunveling new erms of enice that angered users.

L couple of days, we received a lot

Al the while, Facbook's acces 10 ourpersonaldat ncrasesand e

What il e diferent st

Robert Godwinsr.

= Our [T 0 the family and friends

of Robert Godwin St. and we have a lotof work.
IR v wil keep doingall we can 03
prevent tragedies like this from happening. ™

September 2017

eectons,noting tha the amount of
found sofars “rfatively sl

Interfre n one another
“provlomatccontent

“Tare deeply about the democratic process
and protecting s integrity.... Uis a new
challenge for internel communities to deal with

WaPo article &'

of questions and comments. .. Based on this

feodback, wo have

PRI while we resolve the
lssues,”

“We won't prevent rabuse, but
[ curmnty ke oo manycror JE
our policies and preventing misuse of our toos.
] Ihis will be a serious ye :
FEERAREITENY and [m looking orward to
learning from working to fix our issues together:

Maren 2018
Afer detals emerged about Cambridge Anaytcataing userdata.

Bl e have a responsibility to protect you

.. We will lcarn from thi
1o secure our platform further and
for everyone going

experience
community safe
forward. ™
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The hypodermic model of influence: AR



https://pdodds.w3.uvm.edu/teaching/courses/2024-2025pocsverse

The two step model of influence:
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The network model of influence: Citapitinbie)
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The network model of influence:

How su PErsp l‘C‘(lClillg works:

Many interconnected, average, trusting
people

must benefit from both

receiving and sharing a message

far from its source.

Watts and Dodds,
J. Consum. Res., 34, 441-458, 2007. 1!
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Fate—from the Latin fazus: meaning “spoken”.

Fate is talk that has been done.
« ) . » .
It is written”, fore-tell, pre-dict.

“There is no such thing as fate, only the story of fate.” 9

Destiny is probablistic.
Fame—from the Latin fZma: meaning “to talk.”

Fame is inherently the social discussion about the thing, not

the thing itself.
Renown (4 Repeatedly named, talked about. Old French

renon, from re- + non (“name”).

Réclame . “Clamo”—Proto-Indo-European: “to shout”

(again). Connected to “lowing”.
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MONTHLY MAGAZ
CONTENTS'

=

“There is only one thing in
the world

worse than being talked
about,

and that is

not being talked about.”
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The PoCSverse

“Fame and Ultrafame: Measuring and comparing S s
;P SR A b D e e e e R e L . BT PSS, o Ty et St HiStOfY

—| dailylevels of ‘being talked about’ for United States’ 35 0f91
presidents, their rivals, God, countries, and S v
K:§07p3>7g 7777777777777777777777 Stories
77777 Mechanics of Fame
Dodds et al.,

E Superspreading

Available online at s
heps://arxiv.org/abs/1910.00149, 2019, ! i
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& POTUSometer with the Smorgasdashbord:
http://compstorylab.org/potusometer/ (£

& Stories surrounding Trump:
http://compstorylab.org/trumpstoryturbulence/ (£
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Q: Twitter on 2016/11/09 Qu: Twitter on 2017/08/13

Instrument: Rank-Turbulence Divergence

a=1/3
v

0 14 12 341 322

;) = 0.493

&
1,000 S
% 100,000 100,000 <P
10,000 = P
2 &
“ &S
100,000 1,000,000 oo Balances;
& % NS 59.9% total counts 40.19
Ll im e WS 63.2% all words 61.6%
% T L e 4 60.8% exclusive words 59.8%

Counts per cell

Allotaxonometry—
the comparison of complex systems:
http://compstorylab.org/allotaxonometry/ (£

Divergence contribution D}, (x107%%)
1

1 0.5 0 0.5
T T T

Trump 1160
Charlottesville
election (42,055
voted 581,002
Hillary 701,505
Domald 50566
Nazis
president, 15500
trump 7713

y
Larsson
supremacists
Zara

conde

America 10-161
BTS
his.

Gaga
Cvjetanovict
Obama 76378
wins 144-1,209
violence
August
Lady
nazis
Heather
electoral 4461527
torches
JabberDuck 093540052
hatemonger 756120, 156
Lk

ntifa
opport 67262,603
Tneo-nazis
Harambe (58--56.005
Michelle 2613,115

49.8%



http://compstorylab.org/allotaxonometry/

%lb/al/m M\ff_»_}v fﬂﬂ Waek

O\(O | o7 o078 2019 205
i 1. 01/01-01/07 Mg Bumon22  shudown 00 0.6
E 2. 01/08-01/14 Mergd 5.0 Mueller 00 shutdown 0.0 Soleiniani 5.9
7 inauguration 0.6 DAGA 6.7 Pl 6.5 Parnas 00
g3 inaugurdtion 3.1 Mueller 0.0 Pelofi 2.6 Ukraine 5.5
: ban 2.1 Mueller 0.0 border 00 impeachment 0.

W/ Vo EiEisd

Bannon Whitaker 00 Vinduan 25
F 0

LassEn 00 emergency
3 Sweden 1.9 Jusie 00  Bloombirg 6.3
3 Russia 6.4 Coln 3 coronavirus 0.0

in
Russin 15
tax 18

Stormy 0.0

Mueller 2.0
Mueller 0.1

K
18- 01/30-05/08 Trumpeare 00 Mueller 00
IS w i 1 0. 05/07 03713 Comey 25

P $ 40l 120, 05/14-03/20
g 2. 05/21.05/27

Coméy 10
budget 0.0

#1 2. 05/25-06/03 iy
“Mrﬁ{h N B : i 3. 06/04-06/10 Comey 0.8
i ; 4 4. 00/11-00/17 Mucllor 00

3 i 3 5. 06/15-06/21 Trumpeare 00
words - Yl — g :

7. 07/02-07/08
8. 07/09-07/15

NN 0.
Russipn 1.2 coronavirs 0.0

Ntk : mosk 9. 07/16-07/22 Helsiki 3.1 cormaieus 00
arfarNe! ¥ 0. 07/23-07/20 Coben 0.0 i 115
N S RarmkNely TR G o7 o
mj o & domm 2. 08/06-08/12 Omarosa 0.4 USPS 0.0
word o $ ¢ i 33, 08/13-08/10 5 Omarsa 05 USPS 00
: ’ word a¥ 4. 08/20 03/26 G Cohan 2.7 Bidén 6.6
B 4 5. 08/27-09/02 ol Kenoshia 9.5
i A"j seale 3 weele-geale s 09/03-09/09 Kavanagh i 13

7. 09/10.09/16  deplorable 0.0
8. 09/17-09/23  Clintan 6.5
9. 00/24-09/30  debate 4.9
H lo. 10/01-10/07  Pence 4.9

ety 75
Kavandugh 1.7

Kavaniigh 9.5

Cavid 0.0

8 b3 10/2210/28  star 00

i : hal10/20-11/08  FBESS impeachiment 0.0
ik ks 10/05 1111 Claton 09 Gillaie 120 Ukeaise 6.2
E H6. 11/12-11/15  Banygn 0.0 sexudl 1.7 Ukralpe 5.2
e P ek

FETS ie? Fecott 0.0 Moote 0.0 impeachiment 3.1

§18 (o MO 12/0312/09  Taiwan 78 Mueller 00 impeachment 0.0

i 0. 12/10-12/16 Russia 20 Mucller 0.0 impeachiment. 0.0

t 1. 12/17-12/23 inougusaion 118 Mucllr 0.0 wall .8 apeachinent 1.4

\l{‘,\ E¥ T 2. 12/24-12/31 _inauguration 3.2 Mueller 0.0 wall20.4 _impeacient 7.6

Q030 / 10 / ol
htep://compstorylab.org/trumpstoryrurbulence/ (4

open ~/papers/stories/2020-05story-turbulence-
trump/package/anc/ .


http://compstorylab.org/trumpstoryturbulence/

@y
g3

w
g

w
&

&
2

&
s o

2
123

Week
01/01-01/07
01/08-01/14
01/15-01/21
01/22-01/28
01/29-02/04
02/05-02/11
02/12-02/18
02/19-02/25
02/26 03/04

03/26-01/01

. 04/02-04/08
- 04/09-04/15
. 04/16-04/22
.04/
. 04/30-05/06
. 05/07-05/13
. 05/14-05/20
. 05/21-05/27

3-04/29

05/28-06/03

. 06/04-06/10
. 06/11-06/17
.+ 06/18-06/24
. 06/25-07/01
. 07/02-07/08
. 07/09-07/15
. 07/16-
. 07/23-07/29
. 07/30-08/05
. 08/06-08/12
. 08/13-08/19
. 08/20-08/26
. 08/27-00/02
. 09/03-09/09
. 09/10-09/16
. 09/17-00/23
. 09/24-09/30
. 10/01-10/07
< 10/08-10/14

2

N

L1128
L 11/19-11/25

11/26-12/02

. 12/03-12/09

12/10-12/16

L 12/17-12/23
L 12/24-12/31

2016
Hillary 34.7
Cruz 1.0
Cruz 10.7
Cruz 10.6
Cruz 11.2
Cruz 5.1
Cruz 6.9
Rubio 3.8
Rubio 9.2
Cruz 1.0
Cruz 5.7
Arizona 16.8
women 8.3
Cruz 1.5
Cruz 1.7
Cruz10.5
Cruz 3.0
Indiana 11.5
Ryan 2.5
Bernie 25.3
Clinton 9.5
Hillary 11.9
Clinton 11.1
Orlando 12.4
Hillary 23.9
Clinton 13.0
Crooked 80.6
Crooked 715
Pence 2.9
DNC 6.1
Khan 6.5
Crooked 55.2
Manafort 0.0
Clinton 7.6
Crooked 57.4
Bondi 0.0
deplorable 0.0
Clinton 6.5
debate 4.9
Pence 4.9
sexual 0.3
riggéd 10.1
star 0.0
FBI5.9
Clinton 0.9
Bannon 0.0
Hamilton 12.4
recount 0.0
Taiwan 7.8
Russia 2.9
inauguration 11.8
inauguration 3.2

2017
hacking 28.6
Meryl 5.0
inauguration 0.6
inauguration 3.1
ban 2.1
Bannon 0.0
Flynn 0.0
Sweden 4.9
Russia 6.4
Russian 4.8

tax 1.8
Nunes 0.0
Russia q
Russia ?
Syria 0.4
Russia 0.5

days 0.1

Trumpeare 0.0
Comey 2.8
Comey 1.0
budget 0.0
Kathy 4.4
Comey 0.8
Mueller 0.0
Trumpcare 0.0
Russia 5.8
CNN 0.7
Russién 1.2
Mueller 0.0
Scouts 0.0
Mueller 0.0
Koréa 5.8
Charlottesville 1.5
Charlottesville 3.8

Kim 4.9
Puerto 4.7
Puerto 2.1
Puerto 1.8
Puerto 0.2
Mueller 0.0
Mueller 0.0

Gillespie 12.0
sexual 1.7
LaVar 21.3
Moore 0.0
Mueller 0.0
Mueller 0.0
Mueller 0.0
Mueller 0.0

2018
Bannon 2.2
Mueller 0.0
DACA 6.7
Mueller 0.0
Mueller 0.0
memio 2.3
Mueller 0.0

Parkland 0.3
Mueller 0.0
Mueller 0.0
Mueller 2.2
Mue
Stormy 0.0
Mueller 0.0
Mueller 2.0
Mueller 0.1
Kanye 8.0
Mueller 0.0
Tran 6.6
ZTE 4.5
Korea 18.2
Roseanne 4.0
pardon 0.0
Kim 4.1
children 1.0
Justice 8.3
toddlers 0.0
NATO'13.0
Helsinki 3.1
Cohen 0.0
LeBron 0.7
Omarosa 0.4
Omarosa 9.5
Cohén 2.7
Olir 14.0

Kavanaugh 2.1
Puerto 7.5

Kavanaugh 1.7

Kavanaugh 9.5

Kavanaugh 6.8

Kavanaugh 4.3
Saudi 5.3
caravan 0.0

avan 0.0

Whitaker 6.2

caravan 0.0
Saudi 1.6
Moscow 0.1
Cohen 2.1
Cohen 6.9
wall 9.8
wall 20.4

2019
shutdown 0.0
shutdown 0.0

Pelasi 6.8
Pelosi 2.6
border 0.0
Whitaker 0.0
emergency 0.0
TJussic 0.0
Cohen 3.7
Nadler/13.7
emergency 1.6
Barr 0.0
Schiff 5.2
returns 0.0
Bart 2.4
Barr 0.1
Biden 6.0
Barr 0.0
Barr 0.0
Barr 0.0
Barr 0.0
USS 3.0
Mexico 27.6
foreign 2.0
Tran 12.9
Moon 29.9
parade 0.0
Epstein 0.0
racist 0.8
Baltixiore 13.6
Baltimore 9.4
Paso 7.6
Greenland 6.9
Greenland 8.0
Dorian 12.2
Dorian 12.6
flavored 0.0
Ukraifie 4.5
Ukraine 6.8
Ukraige 5.1
Kurds 8.2
Kurds 3.7
impeachment 0.0

Ukeaine 3.5

impeachment 3.1
impeachment 0.0
impeachment 0.0
impeachment 1.4
impeachment 7.6

2020
Iran 9.6
Soleiniani 5.9
Parnas 0.0
Ukraige 5.5
impeachment 0.0

Vindutan 2.5
Bart 2.2
Bloomberg 6.3
coronavirus 0.0

coronavirus 0.0
coronavirus 0.0
coronavirus 0.0
coronavirus 0.5
coronavirus 0.0
coronavirus 0.0
coronavirus 0.0
coronavirus 0.0
coronavirus 0.0
coronavirus 0.0
coronavirus 0.0

pandemic 0.0
Minrieapolis 32.1
police 4.2
Tulsa 4.5
Tulsa 2.1
bounties 0.0
Rushniore 2.3
coronavirus 0.0
coronavirus 0.0
Portland 11.8
pandemic 0.0
USPS 0.0
USPS 0.0
Bidén 6.6
Kenosha 9.5
Atlanfic 4.8
Woodward 2.6
coronavirus 0.0
ballots 0.7
Coviil 1.4
COVID 1.4
Biden 8.2
Biden 9.2
Biden 10.0
votes 3.4
Dominion 23.2
Sidney 0.1
votes 24.1
Georgia 20.2
vaccine 11.1
vaccine 15.4
Election 60.2

2021
Georgia 14.7
Capitol 0.1
Capitol 0.0
insurrection 0.0
ireene 0.0
insurrection 0.0
Capitol 0.0
Capitol 0.0
Capitol 0.0
insurrection 0.0
Biden 0.0
Biden 0.0
Capitol 0.0
Matt 0.0
Capitol 0.0
Capitol 0.0
audit 0.0
Cheney 0.0
Cheney 0.0
Cheney 0.0
Weisselberg 0.0
reinstated 0.0
McGahn 0.0
DOJ 0.0
Capitol 0.0
Organization 0.0
Weisselberg 0.0
CPAC 0.0
vaccinated 0.0
Jan 0.0
Capitol 0.0
Rosen 0.0
Taliban 0.0
Taliban 0.0
Taliban 0.0
Afghanistan 0.0
Milley 0.0
Bastman 0.0
audit 0.0
Bannon 0.0
Jan 0.0
Powell 0.0
Jan 0.0
Youngkin 0.0
infrastructure 0.0
Christie 0.0
Rittenhouse 0.0
Wankesha 0.0
Meadows 0.0
Meadows 0.0
Manchin 0.0
Brandon 0.0
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Week
01/01-01/07
01/08-01/14

B

-

9. 02/26-03/04
10. 03/05-03/11
11. 03/12-03/18
12. 03/19-03/25
13. 03/26-04/01

/02-04/08
15. 04/09-04/15
16. 04/16-04/22
17. 04/23-04/29
18. 04/30-05/06
19. 05/07-05/13
20. 05/14-05/20
21. 05/21-05/27
22. 05/28-06/03
23. 06/04-06/10
24. 06/11-06/17
25. 06/18-06/24
26. 06/2507/01
27. 07/02-07/08
28. 07/09-07/15
29. 07/16-07/22
0. 07/23-07/29
1. 07/30-08/05
32, 08/06-08/12
33. 08/1308/19
34. 08/20-08/26
35. 08/27-09/02
36. 09/03-09/09
37. 09/10-09/16
38. 09/17-09/23

40. 10/01-10/07
41. 10/08-10/14
2. m,1 -10/21

4. 10/29 11/04
45. 11/05-11/11
46. 11/12-11/18
47. 11/19-11/25
48. 11/26-12/02
49. 12/03-12/09
50. 12/10-12/16
51.12/17-12/23

2016
Hillary Clinton 32.7
Trump rally 0.0

2017

plant in 85.1
Meryl Streep 6.6

2018
Steve Bannon 5.7
shithole countries 0.0

Ted Cruz 260 Trump’s inauguration 0.0 the government 1.4

New Hampshire 19.5
Ted Cruz 15.7

Ted Cruz30.1  Trump administration 0.0 the

vote for 4.4

Ted Cruz 3.9
New York 19. 45
Ted Cruz

Ted Gz 5.5
Paul Ryan 2.0
Hillary Cliitton 26.5
Hillary Clinton 24.5
Trump University 3.4
Hillary Clinton 18.6
Trump is 0.0
Hillary Clinton 20.6
Hillary Clinton 20.5
Crooked Hillary 82.8
Crooked Hillary 73.3
Mike Pence 6.8
Crooked Hillary 79.6
Khizr Khan 0.0
Hillary Cliitton 10.5
Trump campaign 0.0
Hillary (Clinton 19.1
Crooked Hillary 61.5
in Detroit 0.0
tax returns 0.0
Trump Jr 0.0
Hillary Clinton 7.5
Mike Pence 8.9
sexual assault 0.0
Hillary Clitton 19.9

Flectoral College 5.8
Trump hext 0.0

executive order 0.0
travel ban 1.6
travel ban 1.1

Michael Flynn 0.0

travel ban 0.0
Meals on 0.0

the FBI 5.6
the FBI 9.4
military parade 0.0
school s \ootmg 31

Hope Hicks o 0
Stormy Danicls 0.0
Stormy Danicls 0.0

2019
the government 0.0
the border 1.0
Cohen to 0.0

the government 0.0

2020
a war 6.6
peachment trial 0.0

Ralph Northam 26.0 impeachment trial 0.0
ELPiso 47 Alexander Vindman 0.0

national emergency 0.0
Jussie Smollett 0.0
ichael Cohen 5
Tim Apple 0.0
New Zealand 17.9

health care 0.0 Cambridge Analytica 0.0 Mueller report 0.0

Freedom Cavcus 20.8
Susan Rice 0.
in Syria 0.2
turnout for 0.0
tax plan 0.0
health care 0.0
James Comey 6.7
Saudi Arabia 12.5
Saudi Arabia 8.2
Kathy Griffin 5.7
James Comey 0.2
obstruction of 12.6
Karen Handel 16.6
Fake News 37.6

Stormy Daniels 0.0
National Guard 0.0
Michael Cohen 0.0
Michael Cohen 2.4
the Korean 0.0
Stormy Daniels 0.0
the Tran 9.0
are animals 0.0
the FBI 23.3
Samanthia Bee 4.4
Justin Trudeau 8.5
their parents 0.0
their parents 3.4
Supreme Court 3.7

Mueller report 0.0
tax returns 0.0
sanctuary cities 5.3
Mueller report 0.0
Mueller report 0.0
Mueller report 0.0
tax returns 0.0
Lindsey Graham 0.0
Nancy Pelosi 12.5
John McCain 0.0
with Mexico 39.2
the FBI 8.5
need soap 0.0
Jean Carroll 0.0

North Korea 28.6 Trump administration 0.0 Jefirey Epstein 0.0

Trump Jr 0.0
Secret Service 0.0
Boy Scouts 0.0
Maxine Waters 0.0
North Korea 5.7

Supremd Court 7.9
in Helsinki 1.7
Walk of 0.0
enciny of 22.2
Space Force 11.1

Jefirey Epstein 0.0
a racist 0.0
Elijah Cumiifigs
El Paso 11.1
El Paso 7.7

27,

white supremacists 0.0 security clearance 0.0 New Hampshire 26.5

Joe Arpaio 3.5
Hurricane Harvey 0.1
to end 0.0
white supremacist 0.0
North Korea 12.8
Puerto Rico 5.2
Puerto Rico 2.6
Puerto Rico 2.2
families of 0.0
Myeshia Johnson 0.0

Michael Cohen 4.3
John McCain 0.2
Brett Kavanaugh 7.6
Puerto Rico 8.4
Blasey Ford 0.0

Primd Minister 28.7
Hurricane Dorian 9.6
the Taliban 3.0
Dan Bishop 37.7
a foreign 6.4

the coronavirus 0.0
the coronavirus 0.0
the coronavirus 0.0
the coronavirus 0.0
the coronavirus 0.0
the coronavirus 0.0
the coronavirus 0.0
the coronavirus 0.0
treated worse 0.0
tested positive 0.0
the pandemic 0.0
a mask 6.3
photo op 0.0
Left Democrats 75.1
in Tilsa 7.4
in Tulsa 2.2

American soldicrs 0.0Trump Organization 0.0

Mount Rushmore 3.9
Roger Stone 0.0
in Portland 0.0
in Portland 8.9
the election 3.4

Social Security 0.0
the USPS 0.0
Joe Biden 5.9
Joe Biden 2.7
Joe Biden 3.4
Joe Biden 13.3

Supremd Court 7.3

Brett Kavanaugh 15 fmpeachment inquiry 0.0 Supreme Court 5.7

Supreme Court 6.9
Kanye West 0.0
Saudi Atabia 6.6

the bombs 0.0

Adam Sehiff 13.3
the Kurds 113
the Kirds 3.8

World Series 0.0

Twitter cmplu»ut. 0.0birthright citizenship 0.0the impeachment 0.0
0.0 costa 0.0

mental heal
ban on n 0
Roy Moore 0.0
Native American 0.1
Roy Moore 3.5

the FBI 0.1

Jim

Saudi Arabia 2.5
Trump Tower 2.5
campaign finance 0.0
Michael Cohen 7.8
the wall 13.7
Border Security 70.6

Hong Kong 0.0
to impeach 7.7
articles of 0.0

hristianity Today 8.1
the Senate 29.1

Walter Reed 5.
Biden is 26.5
Joe Biden 12.1

quo
president who 0.0 impeachment inquiry 0.0 the election 7.5
ia 2.5 quid pro

voter fraud 32.2
in Georgia 12.9
the cldction 9.0
election fraud 13.9
on Jamuary 16.7

2021
in Georgia 20.2
the Capitol 0.0
the Capitol 0.0
the Capitol 0.0

Lara Trump 0.0
the border 0.0
Matt Gaetz 0.0
Matt Gaetz 0.0
Matt Gaetz 0.0

Maxine Waters 0.0
Liz Cheney 0.0
Liz Cheney 0.0
Liz Cheney 0.0

Kevin McCarthy 0.0
the January 0.0

Memorial Day 0.0
Jean Carroll 0.0
Trump DOJ 0.0
the Capitol 0.0

Ashli Babbitt 0.0
the Capitol 0.0
Tom Barrack 0.0
the Capitol 0.0
the Capitol 0.0
overturn the 0.0
the Taliban 0.0
the Taliban 0.0
the Taliban 0.0
Robert E 0.0
the Taliban 0.0

to overturn 0.0

the January 0.0
the January 0.0
Alec Baldwin 0.0
in Virginia 0.0
infrastructure bill 0.0
Chris Christie 0.0
Kyle Rittenhouse 0.0
Donald Trump 0.0
Donald Trump 0.0
Mark Meadows 0.0
the Capitol 0.0
Donald Trump 0.0
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